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« We show the fusion result of a GMM i-vector * SRE18 Development
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« The HKUST system uses 8kHz x-vectors for
CMN2 (S4-CMN2) and 16kHz x-vectors for
VAST (S4-VAST), applying the self-attention
mechanism.

Datasets used for PLDA training, PLDA adaptation, calibration, and PLDA scoring
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* VoiceAl implemented a larger 16kHz DNN (S5)
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The column “Adapt source” indicates the data source for computing the S-norm parameters.
srel8-unlabeled: unlabeled data in SRE18. srel8-unlabeledU: 16kHz upsampled version of srel8-unlabeled.
I-vector and x-vector: speaker embedding based on 8kHz speech data. x-vectorl6k: speaker embedding based on 16kHz speech data.

* In S4, the pooling-layer in the standard x-vector
extractor was replaced by a self-attentive layer.

Fused systems
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« S5 has a larger DNN architecture than the
standard x-vector extractor. The dimension of
the x-vector i1s 1024 rather than 512.

Fusel 7.68 0.520 0.523 13.02 0.591 0.643 0.583
Fuse2 7.64 0.513 0.519 12.06 0.572 0.600 0.560

System Fusion

. We trained gender-independent out-of-domain » We have three fused systems denoted as Fusel, Fuse2 and Fuse3, respectively. e i T e IR
PLDA models first, and then adapted them using » Fusel is a linear weighted fusion of S1+S2 (S1 and S2 were first fused by Bosaris) and S4.
suitable in-domain dataset for S1, S2, S3 and _ _ _ _ References
 [Fuse?2is a linear weighted fusion of Fusel and S3.

S4-CMN2. For S4-VAST and S5, we directly

. . . . 1. Yingke Zhu, Tom Ko, David Snyder, Brian Mak, and Daniel
trained PLDA models using in-domain data. o g y

Povey, “Self-attentive speaker embeddings for text-independent
speaker verification,” Proc. Interspeech 2018, pp. 3573-3577,
2018.

Fuse3 is formed by fusing Fusel and S5 using Bosatris.

2.

« X/l-vector pre-processing:. centering + LDA +

Individual systems for fusion

Iength-norm Carlos Busso Fei Tao, “Bimodal recurrent neural network for
CMNZ2 0.4(wy+w,S1+w,S2)+0.6S4 audiovisual voice activity detection,” Proc. Interspeech 2017,
+ S1: 600 300 Fuse!, S1, 52, S4 — 19381942, 2017
- VAST 0.9(w,+w,'S1+w,'S2)+0.154 Pp. | :
%
. CMN2 0.8(0.4(Wytw,;S1+w,S2)+0.654)+0.2S3
¢ S2: 512 300 Fuse2 S1, S2, S3, S4 (0-4{wgro0,51+,52) )
. VAST 0.6(0.9(wy+w,'S1+w,'S2)+0.1S4)+0.4S3
* 53,54:512 150 Fuse3 S1, S2, S4, S5 VAST Wi+ Wy (0.9(W,+W,'S1+w,'S2)+0.1S4)+w,,S5

—>

e S55:1024 150

—>

[ S1-S5 are scores of individual systems. w; and w;" are fusion weights computed by Bosaris. ]




